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Abstract: Moving vehicle real time detection and tracking is one of the most important subjects in road
traffic area, the research on detection and tracking based on video sequence has become a focal point. The
Compressive Tracking algorithm performs well in terms of accuracy, robustness and speed, but it still has
following deficit on application of road vehicle tracking, there were many blind searches in areas where the
vehicle is unlikely to arrive, and its sampling area can’t be adjusted timely with the change of the target size
in picture. This leads to redundant calculation and target losing. In this paper, the Kalman filtering algorithm
is used to predict the potential position of the road vehicle first, in order to reduce the search area and improve
the real time capability. Then the actual contour of vehicle is extracted from the potential area and the target
recognition is carried out finally to improve the system’s accuracy. A new real-time moving vehicle tracking
method based on feature compression and Kalman filter fusion is proposed at the end. The experimental
results show that the method absorbs the advantages of the original compression tracking but has better
performance in real time and accuracy.
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