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Driver Intention Recognition based on Support Vector
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Abstract: In order to make Advanced Driver Assistance System work more effectively, a driver intention
recognition system is proposed. Support Vector Machine Theory Model is built to recognize drivers active
lane change maneuver, where a car is running on the expressway. Through statistics of information
characteristics, feature parameters of driver intention have been obtained, which are vehicle yaw rate, steering
wheel angle and steering wheel angle rate. Results show that, nearly 90% accuracy rate have been reached
when man uses this model to recognize driver intention from natural driving scenario, which means that the
model is efficient and reliable.
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Figure 1. Experiment vehicle Volvo S60L and data collection equipment
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Table 1. Vehicle motion parameters
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Table 2. Different values of each parameter
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Figure 2. Statistical characteristics of yaw rate (figurea and c : parameter varieswhen vehicle changeslane; figureb and d : parameter
varieswhen vehicle keepslane)
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Figure 3. The ar chitecture of support vector machine
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Figure4. training and recognition process of SVM
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(b) Vehicle lane keeping maneuver
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Figureb5. Feature data (e.g. steering wheel angle and steering wheel angle rate)
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Figure 6. Searching for best parameter cand g
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Table 3. Different values of each parameter
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